The loess hilly-gully region is a focus region of the "Grain for Green" program in China. Drought is the main problem in the study region. Precipitation and temperature are two indicators that directly characterize climatic drought. A thorough analysis of the precipitation, temperature and drought characteristics of the loess hilly-gully region can clarify the current water and heat conditions in the region to improve regional water resource management and provide a reliable reference for effectively improving water use efficiency. In this study, we fully analyzed the precipitation and temperature characteristics at 11 representative synoptic stations in the loess hilly-gully region over the period from 1957 to 2014 using a combination of trend-free pre-whitening, linear trend estimation, Spearman's rho test, the MannKendall (M-K) trend and abrupt change tests and wavelet analysis. The standardized precipitation evapotranspiration index was calculated and analyzed on different time scales. The following conclusions were drawn: (1) There were significant spatial differences and interannual variations in precipitation at the 11 synoptic stations in the study area between 1957 and 2014; the precipitation consistently decreased with fluctuations, and the extent of the decrease varied from a maximum of 17.74 mm/decade to a minimum of 2.92 mm/decade. Except for the downward trends of the autumn and winter mean temperatures at Hequ, the seasonal and annual mean temperatures at the stations showed upward trends, including highly significant upward trends. (2) Alternating drought and wetness occurred in the study area; the wet period mainly appeared in the 1960s, and the main dry period lasted from the late 20th century to 2012. There were fewer dry and wet years than normal years; however, the study area still showed a drying trend, and the severity of the drought was increasing. (3) The annual precipitation and annual mean temperature showed marked cyclical fluctuations at each synoptic station, and the first primary cycle was approximately 28 years. The seasonal precipitation and seasonal temperature showed different cycle lengths; the seasonal cycles of precipitation for spring, summer, autumn and winter were 10, 28, 10 and 26 years long, respectively, and the cycles of the temperature fluctuations for all four seasons were approximately 28 years long.
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Introduction
Precipitation and temperature are two indicators that directly characterize climatic drought. Drought is a natural disaster that is common worldwide and a natural phenomenon in which the amount of water available is insufficient for a long period. The Loess Plateau in China is a serious region of global drought [1] . It is also one of the regions suffering the most serious soil erosion in China and even in the world. The Loess Plateau has long been plagued by soil erosion [2] , where the agricultural production, animal husbandry, and ecological environment strongly depend on climatic conditions [3, 4] . To control soil erosion and improve the environment, the Chinese government issued the "Grain for Green" policy in 1999 for vegetation restoration, and the loess hilly-gully region [5] was one of the ten important regions under this policy. Soil moisture is a major limiting factor for plant growth and vegetation construction in arid and semiarid regions [6] . In the Loess Plateau, atmospheric precipitation is the only way to recharge soil moisture, but the atmospheric temperature affects the evapotranspiration of water. It is necessary to analyze the regions with the same and precise geographical divisions in order to get a more accurate conclusion. Therefore, in the context of global climate change, investigating the characteristics of regional drought and wetness plays a relatively strong supporting role in understanding the dynamic changes in soil moisture and it is helpful to improve the regional water resources planning and management, improve water use efficiency.
For studies that analyze climate drought and wetness, the commonly selected indices include the Palmer drought severity index (PDSI) [7] , the standardized precipitation index (SPI) [8] and the standardized precipitation evapotranspiration index (SPEI) [9] . The PDSI [10] , an indicator of drought and wetness, is based on a water balance equation. The PDSI is a milestone indicator in drought analyses, but the procedure for calculating it is complex, and the parameter is strongly regional. The SPI [11] is a drought index recommended by the World Meteorological Organization. The procedure for calculating the SPI is only based on precipitation data, and it gives no consideration to other variables (e.g., evapotranspiration and wind speed) that may affect the drought. To improve the SPI, Sergio M. Vicente-Serrano proposed the SPEI [12] . The characteristics of the precipitation on the Loess Plateau in China have been reported, normally using the SPI [13, 14] . However, no study has been conducted based on the SPEI to fully analyze the precipitation and temperature in the loess hilly-gully region of the Loess Plateau. A thorough analysis of the precipitation, temperature and drought characteristics in the loess hilly-gully region can clarify the current water and heat conditions in the region to improve regional water resource management and provide a reliable reference for effectively improving water use efficiency and further improving the efficiency of vegetation restoration. In the present study, we analyzed the precipitation and temperature data from 11 representative synoptic stations within the loess hilly-gully region over the period from 1957 to 2014. The objectives of the study were (1) to determine the precipitation and temperature changes at the synoptic stations on monthly, seasonal and annual time scales using a combination of trend-free pre-whitening, linear trend estimation, Spearman's rho test and the Mann-Kendall (M-K) trend and abrupt change tests, (2) to interpret the SPEI on spatial and temporal scales and clarify the drought and wetness conditions and the trends of changes in the study area over the period from 1957 to 2014 and (3) to identify the cycle of precipitation and temperature changes using wavelet analysis.
Material and methods

Study area and data source
The loess hilly-gully region is the remaining land between gullies after long-term gully segmentation and runoff erosion of loess tableland. This part of the region is most extensively distributed on the Loess Plateau. It covers an area of 211,000 km 2 across seven provinces (autonomous regions) in China: Henan, Shanxi, Shaanxi, Inner Mongolia, Ningxia, Gansu and Qinghai. The loess hilly-gully region has become the main body of the Loess Plateau landscape, accounting for approximately 33% of the total land area of the plateau region. It is one of the major regions under the "Grain for Green" policy in China (the southwest alpine gorge region, the Sichuan-Chongqing-Hubei-Hunan mountainous and hilly region, the low mountainous and hilly region near the middle and lower Yangtze River, the Yunnan-Guizhou Plateau region, the Hainan-Guangxi hilly and mountainous region, the alpine steppe and meadow region at the origin of the Yangtze and Yellow Rivers, the Xinjiang arid desert region, the loess hilly-gully region, the north arid and semiarid region and the northeast mountainous and sandy region). The study area is located in the main part of the loess hilly-gully region (Fig 1) . The meteorological data used in this study were obtained from the China Meteorological Data Sharing Service Network (http://data.cma.cn/). To ensure the synchronization of the meteorological data and a long time series of observations at each synoptic station, stations with missing data points were excluded, and a total of 11 representative stations were chosen in the present study ( Table 1) . The precipitation and temperature data from 1957 to 2014 were used.
Study methods
Standardized precipitation evapotranspiration index. Sergio M. Vicente-Serrano proposed the SPEI to improve the SPI, which gives no consideration to temperature. When calculating the SPEI, the monthly precipitation and the monthly mean temperature are taken as the input variables. The SPEI is obtained by calculating the difference between the monthly precipitation and the potential evapotranspiration, followed by normalization [12] . The SPEI not only retains the characteristics of the PDSI concerning the temperature sensitivity of evapotranspiration but also possesses the SPI's advantages of being simple to calculate and suitable for multi-scale and multi-space comparisons. The SPEI can be calculated as follows [12] : a) First, following the Thornthwaite [15] method, the monthly PET (mm) is obtained from
where m = 6.75 × 10 I + 0.492; T(˚C) is the monthly mean temperature; N is the mean number of hours of sunshine; NDM is the number of days of the month; and I is a heat index, which is calculated using
b) Then, the difference between the precipitation, P, and the PET for month i is calculated using
c) Next, the different time scales of the cumulative moisture deficit ullage sequence, X, are identified using
where n is the number of time series samples and k is the time scale. 
where w s is a probability-weighted moment, s = 0, 1, 2; l is the index in the cumulative moisture deficit ullage sequence arranged in ascending order and Γ(β) is the gamma function of β. The probability distribution function of the D series, according to the log-logistic distribution, is given by
e) The SPEI can be obtained as the standardized values of F(x), For the SPEI, the drought threshold has not been defined. In this study, we combined the drought grade classification methods and criteria of the SPI [11] , the Climate Prediction Center [16] , and the China National Meteorological Center [17] . The tentative range of the SPEI and the drought-wetness grade classification criteria are shown in Table 2 .
Trend-free pre-whitening. The purpose of trend-free pre-whitening (TFPW) is to eliminate the influence of autocorrelation of the data sequence on the change trend [18] . The calculation steps are as follows:
a) The slope (β) of a trend in the sample data is estimated using the approach proposed by Theil [19] and Sen [20] . The original sample data, X t , are normalized by dividing each value by the sample mean, E (X t ), prior to the trend analysis. After this treatment, the mean of the new data points, x t , is unity, and the properties of the original sample data remained unchanged. If the slope is almost zero, then it is not necessary to continue to complete the trend analysis. If it differs from zero, then it is assumed to be linear, and the sample data are de-trended using
where the slope, β, is calculated using
b) The lag-1 serial correlation coefficient of the sample data,
For the two-sided test, R h is computed using the following equation at the 95% significance level [21] :
Where n is the sample size. The lag-1 serial correlation coefficient of the detrended series, X 0 t , is r 1 . If r 1 falls within the range calculated using Eq (16) , then the sample data are considered serially independent and a linear trend estimation, Spearman's rho test and the Mann-Kendall tests are applied directly to the X 0 t . Otherwise, the calculation is continued, and sample data, Y 0 t , are obtained using
This procedure for pre-whitening the detrended series is referred to as TFPW. The series that remains after TFPW should be independent.
c) The identified trend (T t ) and the residual, Y 0 t , are combined as follows: 
The above equation can be regarded as a special case and the simplest form of linear regression, wherein a is the regression constant and b is the regression coefficient; a and b can be estimated using the least squares method. Mann-Kendall trend test. In the M-K [22, 23] trend test, the null hypothesis, H 0 , is that the time series data (x 1 , x 2 , . . ., x n ) comprise a sample of n independent and identically distributed random variables. The alternative hypothesis, H 1 , is a bilateral test: for all k, j n and k 6 ¼ j, x k and x j are differently distributed. The statistical variable, S, is calculated using
where Sgn(x) is the sign function, whose value is determined as shown in the following equation:
S is normally distributed and has a mean of zero. The variance is denoted as Var = n(n − 1) (2n + 5)/18; when n > 10, the standard normal statistical variable, Z, can be calculated as follows:
In the bilateral trend test, if |Z| ! Z 1−(α/2) at a given confidence level, α, the null hypothesis, H 0 , is unacceptable; that is, the time series data show a significant upward or downward trend at the α confidence level. If Z > 0, the series shows an upward or increasing trend; if Z < 0, the series shows a downward or decreasing trend. |Z| ! 1.28, 1.64 and 2.32 indicate that the data pass the significant trend test at the 90%, 95% and 99% confidence levels, respectively.
Mann-Kendall abrupt change test.
A rank series is constructed for the time series, x, with a sample size of n as follows:
ð23Þ
The statistical variable is defined as follows based on the assumption that the time series is independent and random:
where UF 1 = 0 and " s k and Var(s k ) are the mean and variance of the cumulative number s k , respectively. When x 1 , x 2 . . ., x n are independent in the same continuous distribution, " s k and Var(s k ) can be calculated using
Var
UF i , a standard normal distribution, is a series of statistics calculated following the order of the time series, x. At a given significance level, α, |UF i | > U α indicates a significant trend in the series. The above calculation procedure is repeated in the reverse order of the time series, x, and UB k = −UF k (k = n, n−1, . . ., 1) with UB 1 = 0. Then, UF k > 0 indicates an upward or increasing trend, UF k < 0 indicates a downward or decreasing trend, and exceeding the critical line indicates a significant trend. If the two curves formed by UF k and UB k intersect and if their intersection appears between the boundary lines, the corresponding time of the intersection is considered the time at which an abrupt change begins.
Spearman's rho test. Spearman's rho test [24, 25] is a non-parametric test that is commonly used to determine the trends of time series that are not normally distributed. It is expressed by
where n is the length of the time series; R(X i ) is the rank of the time series at observed value X i and positive and negative values of Z D indicate upward and downward trends, respectively. |Z D | > 2.08 rejects the hypothesis that there is no trend at the 5% significance level. Wavelet analysis. Wavelet analysis is considered a breakthrough in Fourier analysis. In climate diagnoses, the extensively used Fourier transform can show the relative contributions of climate series on different scales. The wavelet transform provides the scales of climate series and shows the times at which the changes occur. The latter method is very effective for climate prediction and has been used in climate analysis [26] [27] [28] .
For a time series f(t), the wavelet transform is defined as
where W f (a,b) is the wavelet coefficient, a is the scale factor (which determines the wavelet coefficient), b is the shift factor (which reflects changes in the wavelet's position) and C Ã is the conjugate of C.
In this study, a Morlet wavelet analysis was conducted on the selected time series using Matlab (R2010b) to analyze cyclic changes in the precipitation and temperature in the loess hilly-gully region on different time scales. The continuous wavelet transform is expressed analytically as
The wavelet variance can be expressed as
Results
Precipitation analysis
Precipitation characteristics. Table 3 shows the characteristics of the monthly precipitation at the 11 synoptic stations in the study area over the period from 1957 to 2014. The monthly mean precipitation ranged from 22.4 to 45.3 mm; the lowest and highest values were found at Tongxin and Yan'an, respectively. The coefficients of variation (CVs) of the monthly precipitation were greater than 100% at the synoptic stations; the highest value (136.37%) occurred at Hequ, and the lowest value (105.34%) occurred at Linxia.
Autocorrelation analysis of the precipitation series. The serial correlation coefficient can improve the verification of the independence of the precipitation time series. In this study, the lag-1 serial correlation coefficients (r 1 ) at different scales (monthly, seasonal and annual) at each station were calculated using Eq 14 ( Table 4) . For precipitation time series, if the value lag-12 (-0.2748, 0.2398), based on Eq 16 (n = 58), then, the null hypothesis that the time series data show no autocorrelation was accepted. The data in Table 4 show that there were very few autocorrelations on monthly, seasonal and annual time scales among the meteorological stations in the study area; the values fell between -0.2748 and 0.2398 after the time series of the autocorrelation precipitation data were corrected (the cells in gray in the table) using TFPW. Autocorrelations in the original precipitation data were completely eliminated, allowing linear trend estimation, Spearman's rho test and the M-K test to be applied [29] . Precipitation trend analysis. The trends of precipitation were analyzed using the M-K trend test, Spearman's rho test and linear trend estimation. The significant (at the 5% confidence level) trends identified by two methods were italicized and underlined. Abrupt changes in the precipitation data were analyzed using the M-K test.
The results of the analysis of monthly precipitation trends (Table 5) show that at the 11 synoptic stations, there was a decreasing trend in the precipitation of July, August and November, whereas both decreasing and increasing trends in the precipitation occurred of other months. The monthly precipitation for February at Guyuan and for June at Tongxin showed significant increasing trends with rates of 0.066 and 0.379 mm/year, respectively. The monthly precipitation for November at Tongxin showed a significant decreasing trend with a rate of 0.094 mm/ year. The significant trends of the corresponding time series are shown in Fig 2. The annual precipitation time series at the 11 synoptic stations during the study period are shown in Fig 3. There were significant spatial differences and inter-annual variations in the precipitation at the synoptic stations. The annual mean precipitation varied between 268.7 mm (Tongxin) and 543.6 mm (Yan'an). The highest value appeared at Yan'an in 2013 (959.1 mm, which caused severe flooding in the local area), and the lowest annual value of 119.4 mm was detected at Tongxin in 2005. The results of the linear trend estimation for the annual precipitation time series (Fig 3) show that the annual precipitation decreased with fluctuations at the 11 synoptic stations. The largest decrease, 17.74 mm/decade, occurred at Lintao, and the smallest decrease, 2.92 mm/decade, occurred at Linxia.
The results of the analysis of trends in the annual and seasonal precipitation (Table 6) show that the summer and autumn precipitation had decreasing trends, whereas increasing and decreasing trends co-existed in the spring and winter precipitation at the 11 synoptic stations. In particular, winter precipitation markedly increased at Linxia and Guyuan, whereas a significant decreasing trend was seen at Hequ. All the test results for the annual precipitation showed decreasing trends to varying degrees. This is in agreement with the results of the linear trend estimations of the annual precipitation at the 11 synoptic stations (Fig 3) and indicates an overall drying trend in the study area between 1957 and 2014. The results of analyzing abrupt changes in the annual precipitation data (Fig 4) show that the decreasing trends began at different times during the study period at each station, but most of the meteorological stations experienced a mainly decreasing trend after the 1980s. Only Suide and Yan'an exhibited significant decreasing trends, and the significant decrease mainly falls between 1998 and 2013. Fig 4 also shows that the UF (k) and UB (k) curves for some meteorological stations intersect more than once, which makes it difficult to identify the specific year in which the precipitation abruptly changed. The stations with more obvious abrupt Yan'an (1970) , and they were marked in Fig 3 using the corresponding arrow.
Temperature analysis
Temperature characteristics. Table 7 shows the characteristics of the annual mean temperature at the 11 synoptic stations between 1957 and 2014. During the study period, the annual mean temperature varied between 6.69 and 9.95˚C. The lowest annual mean temperature was found at Guyuan (6.69˚C), as was the largest CV (12.4%), which indicates a low temperature with poor stability. The annual mean temperature at Suide was 9.89˚C, which was slightly lower than that at Yan'an and was the second lowest; however, the CV was relatively small (6.0%), and the high temperature remained stable. Climatic and drought characteristics in the loess hilly-gully region of China Autocorrelation analysis of temperature series. As in the above autocorrelation analysis of precipitation series, we completely eliminated autocorrelation in the original temperature data ( Table 8 ). The dark areas in the table indicate that the original temperature data exhibited autocorrelation, which was eliminated using TFPW.
Temperature trend analysis. Table 9 shows the statistical results of the trend tests for the seasonal and annual mean temperatures at the 11 synoptic stations for the period from 1957 to 2014. The autumn and winter temperatures showed downward trends only at Hequ. Except for the synoptic station at Hequ, the seasonal and annual mean temperatures showed upward trends. Hequ had the highest latitude among the synoptic stations within the study area. The different temperature trends might be related to latitude. As Fig 5 shows, the range of temperature variations was relatively small at the synoptic stations in the study area. Combined with the results of linear trend estimation (Table 9) , we found that at almost all the synoptic stations, the annual mean temperature exhibited significant upward trends to varying degrees. The upward trend rate that was not significant, which occurred at Hequ, reached 0.01˚C/decade. Combined with the results of the precipitation analysis in the previous section, we identified upward trends in the seasonal precipitation at a few synoptic stations, at which the temperature also showed significant upward trends. In arid and semiarid regions, a significant increase in temperature can counteract an increase in precipitation [30] . Therefore, the overall trend of drought and wetness in the study area was drying between 1957 and 2014. Fig 6 shows the results of the test for abrupt changes in the annual mean temperature at the 11 synoptic stations (which used the same method as the analysis of abrupt changes in precipitation). The results show that the increasing trend at each station started at a different time during the study period, but most of the meteorological stations mainly experienced an increasing trend after 1990, and the increasing trend has become significant since 2005. The year of abrupt changes in temperature at each station is generally between 1985 and 1998. Time point of mutation were marked in Fig 5 using the corresponding arrow based on the Fig  6. Hequ station is a special example in the study area, the temperature can be obviously divided into three stages , the mean temperature was 8.77˚C; 1981-1997, the mean temperature was 7.68˚C; 1998-2014, the mean temperature was 8.80˚C); the temperature of Hequ station almost showed a downward trend during the study period, which was significant from 1980 to 1997, and the trend began to shift to an upward trend in 2014. Climatic and drought characteristics in the loess hilly-gully region of China 7-8 years, 16-17 years and 27-28 years. That is, the precipitation significantly varied with above-normal and below-normal fluctuations within the calculation time domain. The wavelet variance reflects the distribution of fluctuation energy over the scales. The wavelet variance map can be used to determine the major time scale, namely, the primary cycle in the precipitation time series. The wavelet variance maps of the mean precipitation in the study area (Fig 7) show main significant peaks at 27-28 years and 16-17 years. The highest peaks of the variance corresponded to a scale of 27-28 years, suggesting that 27-28 years was associated with the strongest cyclic fluctuations and therefore, was defined as the first primary cycle. The secondary cycle was mainly concentrated on a scale of 16-17 years. Fig 8 illustrates the contour and variance maps of the real parts of the Morlet wavelet coefficients for the seasonal mean precipitation in the study area. The precipitation significantly varied with above-normal and below-normal fluctuations in the spring, summer, autumn and winter on scales of 10 years, 28 years, 10 years and 26 years, respectively. These four periods were associated with the strongest cyclic fluctuations and therefore, were defined as the first primary cycles.
Wavelet analysis of temperature. Climatic and drought characteristics in the loess hilly-gully region of China approximately 13 years. Combined with the wavelet variance maps in Fig 9, we concluded that 28 years was the first primary cycle and that 13 years was the second primary cycle for fluctuations in the annual mean temperature in the study area.
Fig 10 presents contour and variance maps of the real parts of the Morlet wavelet coefficients for the seasonal mean temperature in the study area. The temperatures of the four seasons showed similar fluctuations in the study area, and the first primary cycle was approximately 28 years. Additionally, the winter temperature showed a strong cyclicality at approximately 15 years. The means of the SPEI on different time scales at the 11 synoptic stations can be approximated as a basis for analyzing the drought and wetness across the entire study area. Fig 11 shows the SPEI on different time scales (1, 3, 6, 12, 24 and 36 months) . SPEI-1 was relatively sensitive to short-term changes in both temperature and precipitation; the values showed large fluctuations, which fully reflected the short-term characteristics of the study area with respect to impermanent droughts and frequent fluctuations. The periods with higher frequencies of seasonal drought (SPEI-3) and droughts that lasted 6 months (SPEI-6) and 1 year (SPEI-12) mainly began in the late 1990s. More significantly, the SPEI-24 and the SPEI-36 showed alternating drought and wetness in the study area over the period from 1957 to 2014. The major wet period was in the 1960s, and the dry period lasted for a long period from the late 20th century to 2012. Taking into account the percentage of dry and wet years at the synoptic stations over the study period (Fig 12) showed no obvious difference in the frequency of dry and wet years in the study area between 1957 and 2014. Normal years accounted for more than 53.4% at all the stations and exceeded 60% at the majority of the stations. However, drought and wetness occurred in relatively concentrated periods, and persistent drought was dominant in the new century.
The values of the SPEI for each year and season at the 11 synoptic stations were analyzed using the M-K trend test. To analyze seasonal dry-wet changes, the values of the SPEI-3 corresponding to May, August, November and February were chosen to represent the four seasons. The values of the SPEI-12 corresponding to December were used as the basis for analyzing annual dry-wet changes. The results for the statistical variable Z are shown in Table 10 . During the study period, only a few synoptic stations showed wetting trends of varying degrees in winter (Z > 0). At the remaining stations, both the seasonal and the annual values of the SPEI showed decreasing trends. The decreasing trends in the annual SPEI passed the significance test at 90% in all cases, indicating that the climate was becoming progressively drier in the study area. This is consistent with the results presented in the previous section, and the severity of the drought increased. Fig 13 illustrates the frequencies of drought and wet events in different years based on the SPEI-1. The frequency of dry months markedly increased from the 1960s to the present, which contrasts with the decreasing trend in the wet months. This also indicates that the study area followed a trend toward drought with increasing severity.
Discussion and conclusions
The loess hilly-gully region is one of the regions that suffers from the most serious soil erosion and drought in China and even in the world, and there was still a drying trend and the severity of the drought was increasing in this region. However, since the implementation of the "Grain for Green" policy, the precipitation and temperature in this region have improved to varying levels, the drier-and-hotter trend has been slightly restrained over the past years [33] [34] , it can be seen that vegetation restoration may improve the environmental conditions to a certain extent.
Soil moisture is a direct source of water required for plant growth [35] and a major limiting factor for plant growth and vegetation construction in arid and semiarid regions [6] . Precipitation and temperature affect the growth of vegetation together [36] . Atmospheric precipitation is the only way to recharge soil moisture on the Loess Plateau. Changes in soil moisture content are directly related to atmospheric precipitation [37] . The level of temperature influences water evapotranspiration and its role in drought formation [30] , and soil moisture changes cannot be ignored. Therefore, it is more convincing to include temperature in an analysis of drought and wetness characteristics in this region, and the results are more reliable. This is the idea behind the SPEI, as used in the present study, which decreases the disadvantages of the SPI.
In this study, the monthly mean precipitation ranged from 22.4 to 45.3 mm, and the fluctuation in the monthly precipitation was intense (CV > 100%) at all stations. The main reason for this was that the fractured topography of the loess hilly-gully region of China formed microenvironments [38] . During the study period, the monthly precipitation for July, August and November showed decreasing trends, whereas the precipitation in the other months showed both decreasing and increasing trends at the 11 synoptic stations in the study area. The seasonal precipitation in summer and autumn exhibited decreasing trends, whereas the spring and winter precipitation showed both decreasing and increasing trends. In particular, there were significant increasing trends in winter precipitation at Linxia and Guyuan, in contrast to the significant decreasing trend observed at Hequ. The annual precipitation decreased Climatic and drought characteristics in the loess hilly-gully region of China with fluctuations; the largest decrease occurred at Lintao (17.74 mm/decade), and the smallest decrease occurred at Linxia (2.92 mm/decade). At several stations, the annual precipitation changes could be regarded as abrupt. During the study period, the annual mean temperature varied between 6.69 and 9.95˚C. Except for the downward trends of the autumn and winter mean temperatures at Hequ, the seasonal and annual mean temperatures at the stations showed upward trends, including highly significant upward trends. At most stations, the temperature changes could be regarded as abrupt, and the abrupt temperature changes at these stations were mainly concentrated between 1985 and 1998. Hequ station is a special example in the study area, the temperature had an obvious low temperature period (1981) (1982) (1983) (1984) (1985) (1986) (1987) (1988) (1989) (1990) (1991) (1992) (1993) (1994) (1995) (1996) (1997) , the mean temperature was 7.68˚C); the temperature at Hequ station almost showed a downward trend during the study period and the trend began to shift to upward in 2014, which reflect the different warming process with other stations [39] . Temperature and precipitation can be reliably predicted by analyzing the fluctuation cycle. In this study, the annual precipitation and annual mean temperatures showed significant cyclic fluctuations at the 11 synoptic stations in the study area; their first primary cycle was approximately 28 years. The seasonal temperatures and precipitation showed different cycle lengths; the cycles of spring, summer, autumn and winter precipitation were 10 years, 28 years, 10 years and 26 years long, respectively, and the fluctuation cycle of the seasonal temperatures was approximately 28 years long.
In the precipitation trend analysis (Table 4) , the results of the linear trend estimations were occasionally different from those of the M-K trend test and Spearman's rho test. Anomaly detection using a data processing system (DPS) revealed the presence of anomalies in the monthly precipitation with different results over the period from 1957 to 2014, which affected the estimation of the linear trends. The July precipitation at Yan'an (Z = −0.859, S = −0.806, b = 0.103) was analyzed as an example (Fig 14A) . In July 2013, the measured precipitation at Yan'an was 568 mm, which was far more than the precipitation over the same period in other years. After excluding the anomaly, an approximate time series was obtained (Fig 14B) . The results of the linear trend estimation after excluding the anomaly were consistent with the results of the M-K trend test and Spearman's rho test. The presence of anomalies affects the results, whereas appropriate processing of the anomalies improves the accuracy of the Climatic and drought characteristics in the loess hilly-gully region of China statistical analysis. This reflects the fact that multiple analytical methods can be used in combination to improve the reliability of the results.
The applicability of the SPEI in China has been verified [40] [41] , which indicates that the SPEI can represent features and drought characteristics on multiple time scales in the loess hilly-gully region; a correlation between the SPEI and soil moisture has also been found [42] . The results of the SPEI analyses on different time scales showed that alternating drought and wetness occurred in the study area. The wet period was mainly in the 1960s, and the dry period occurred from the late 20th century to 2012. The numbers of dry and wet years were comparable, and the percentages of normal years were the highest (> 60% at the vast majority of synoptic stations). However, there was still a drying trend in the study area, and the severity of the drought was increasing. Previous studies have indicated that droughts occur more frequently and that their severity is increasing [43] [44] [45] [46] . The same phenomenon occurred in this region, which may be because the regional topography is complex and diverse, affecting the precipitation and temperature distributions.
The analytical methods used in this study can be extended for use in climate change research in other regions, particularly arid and semiarid regions, and could provide some new methods for analyzing climatic characteristics and assessing droughts and wet/dry episodes. Research on the theory and technology of vegetation restoration at difficult sites is likely to be the focus of our next study. However, with the background of global warming, a dry soil layer comprising a surface dry soil layer and a subsurface dry soil layer may form in this region in response to drought and plant growth [47] and utilization. Researchers have investigated the subsurface dry soil layer [48] [49] [50] . The surface dry soil layer can affect the germination of plant seeds and the survival of shallow-rooted plants, thereby influencing the natural regeneration of vegetation. The characteristics and formation mechanisms of and abatement technologies for the surface dry soil layer need to be further studied to improve water use efficiency and facilitate vegetation construction and restoration in this region. 
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